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General Conclusions

We focused here on four important issues on tra�c forecasting for toll roads

under concessions schemes, sources of errors and biases. We analysed the

forecasters' behaviour, the bidders' behaviour, the aggregated and the disag-

gregated users' behaviour.

Regarding the forecasters' behaviour, we presented the results of the �rst

large sample survey on forecasters' characteristics and their opinions about

forecasting demand for transport projects, based on an on-line survey. Results

describe which are their main characteristics, details about their latest forecast,

the models they apply, the forecast errors they declare and the main sources

of errors according to them and the environment these forecasts take place in

terms of pressure forecasters receive. These unique results provide a picture of

the world of forecasters and forecasts, allowing for a better understanding of

them.

Results show that the distribution of errors transport forecasters state has

a smaller average magnitude and a smaller variance than those found in lit-

erature. Comparing forecasters perception of their own competence with the

results found in literature about drivers skill self-evaluation, however, we could

not �nd a signi�cant di�erence, meaning that the forecasters' overcon�dence

is in line with what could be viewed as a normal human overcon�dence level.

The pressure for results forecasters receive and the strategic manipulation

they a�rm exist merit a special attention. They imply that while forecasters'

behavioural biases may exist and should be take in account when evaluation

forecasts, the project promoter may in�uence forecasts by pressuring the fore-

casters to produce results which better �t his expectancies.

We modeled bidders behaviour using a unique, self-constructed, dataset
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198 General Conclusions and Policy Implications

of 49 worldwide road concessions. We show that the winner's curse e�ect is

particularly strong in toll road concession contract auctions. Thus, we show

that bidders bid less aggressively in toll road concession auctions when they

expect more competition. Besides, we observe that this winner's curse e�ect is

even larger for projects where the common uncertainty is greater. Moreover,

we show that the winner's curse e�ect is weaker when the likelihood of renego-

tiation is higher, i.e. bidders will bid more strategically in weaker institutional

frameworks, in which renegotiations are easier.

The policy implication of our results is not straightforward. In fact, while

we show that asymmetric information overturns the common economic wisdom

that more competition is always desirable, since we �nd a strong winner's curse

e�ect in toll road concession auctions, we also show that there is a systematic

tra�c overestimation due to methodological and behavioural sources, so that in

most cases bidders would know ex post very low or negative pro�t rates in they

do not renegotiate the contractual terms. Thus, the short-term policy impli-

cation of our results would �t the standard view: governments should restrict

entry, or favour negotiations over auctions, in toll road concession auctions to

favour aggressive bidding. By contrast, the long-term policy implication of our

results is that governments may wish to maintain the procedure as open as pos-

sible to the extent that the winner's curse e�ect reduces the systematic tra�c

overestimation and then reduces the likelihood that the procuring authority

will have to renegotiate the contract, once eventual bidding competitors are

gone.

Modelling aggregated users' behaviour, we put in evidence a decreasing

function for the tra�c elasticity with respect to the economic growth, which

depends on the tra�c level on the road. A new model of decreasing elasticity

is proposed setting up an intrinsic relation between the tra�c level and its

reactivity to economic growth. This model allows for a good representation of

the phenomenon, a good interpretation of results and gives a rigorous econo-

metric approach to time-series tra�c forecasts, at the cost of introducing a

non-linearity in the equation. In the short term the model results are closer to

that given by the classical constant elasticity model; in the long term, where

classic models tend to produce linear or convex pro�les, this model reproduces

the observed concavity. This model allows for a better interpretation of the
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coupling between tra�c and economic growth, and a more accurate long-term

forecast.

We modeled the individual choice most important variable, the value of

time, in the particular case of road freight transport in France. We �nd that the

bayesian procedures represent many advantages compared to traditional max-

imization; that the standard use a single constant value of time, representative

of an average, can lead to demand overestimation. We �nd a distributed value

of time with mean about e45, depending on the load/empty and hire/own

account variables, which indicates that the standard value recommended in

France should be reviewed upwards.


